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Abstract:

alization and recognition rate, and head-mounted sensors are expensive and inconvenient. In view of the above problems, a

Present vision based on dynamic head gesture recognition algorithms usually have disadvantages in gener-

dynamic head gesture recognition algorithm without head-mounted sensors is proposed. Using this method based on
two-stream 3DCNN(3D Convolutional Neural Network), the dense optical flow is generated by head movements, the origi-
nal data and dense optical flow are put into the motion feature extractor in parallel, and finally, features are fused. Experi-
mental results show that the proposed algorithm has higher recognition accuracy and better generalization than the artificial
feature extraction and C3D(Convolutional 3D) methods, and its recognition rate is as good as those head mounted sensors.
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